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& Using Functional Representation Lemma in Channel Simulation Setup :

L : = EXIMT

goal : (*-inf EIMI

Theorem4:

#(X ;Y) ->**F(Y) + log(I(xiY)+2 +3

③
H(YIW) < E(IMI] < H(Y) + 1

let H*:= inf HLYIW) then

I(X : Y) < H** H
*
+ 1



inal Results

3.2./ Classical Rejection Sampling : H(YIW) < -logV - Y log( -u)
-

3.  2Greedy Rejection Sampling : H(YIW) < F(X i Y) + log ([(XiY) + log4e) + log
,

Ye

AssicalRejectionSampling

Goal:Sample Y -P

ven: Y , Y ,
...

id Q (knowing that P << Q)
U , Uz
,
...
i Jo , i

V PDI discretee

a &
global scale We (0 , 1) such that . YP(y
(acceptance probability)

Vy = Y

[&ule : accept variate is as desired Y if ViU
% Y with K := minGitIn : Vi <U

one can prove that Y-P . (look at Karl Sigman's note on "AcceptanceRejection Method
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Th6. In RS setting we have

HYIW) <- log
,

0 - Yolog (1-5)

Haim generally I(XiY) < -logU ·

- Holog,(i)

-
S

loose bound
, why ? U fixed at all iterations.



&GreedyRejectionSampling

Ru accept i as is it.i=

Y = Th
,

with K : =
iteration index i

=> mindit IN : ViPi(Ti)]

Task:

Design acceptance probabilities at each iteration : Pi(y) = to , 17

Ye

Greedily maximize chance of acceptance at iteration i.

·

(x (2) =min(y),
Su = S... )n- E(P(i)]) ,

with Sai-1P(K > k) .



(Theorem 7)
↓

Corollary 8.
Channel simulation setting under Greedy RS :

H(YIW) <T; Y) + log (F(X;Y) + logy) + log,He


